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Occupancy (state visitation distribution)

pπ = Mpπ



Exploration-exploitation trade-off via information geodesics

(β, pπβ
)

Occupancy manifold



Exploration-exploitation trade-off via information geodesics

Occupancy manifold

u
pπ*

(β, pπβ
)



Exploration-exploitation trade-off via information geodesics

r̄(s) =
4

1 − α2 [ 1
pπ(s) ]

α + 1
2
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Information rewards

β ∼ “information exploited by the 
optimal agent to maximise rewards”
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Max entropy 
exploration

Count-based 
exploration
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R(π) + βH(pπ)
α ∼ “curvature of the 

occupancy manifold”
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