
Contributions

• We introduce a locally private sampler that leverages public 

information within the minimax privacy-utility tradeoff framework.

• For discrete distributions, we fully characterize the privacy-utility 

tradeoff and propose an algorithm that achieves it.

• We demonstrate the significantly improved performance of our 

approach through comprehensive benchmarks against the baseline 

method proposed by [1], using both synthetic and real-world 

datasets.
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Synthetic Data

Click Rate and MovieLens Datasets

• Private distribution: Each user’s rating 

history per genre in (MovieLens 1M)with at 
least 20 ratings.

• Public prior: (MovieLens 100K) is used to 
infer users’ popular genre by age range.

• Private distribution: Each user’s click-rate 

history per website with at least 100 clicks 
within anonymous category C18.

• Public prior: Average of users’ private 
distributions in each subcategory.
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